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he structure and influence of discussions
of bT'B and BVD on Twitter
A- factual vs. rhetorical

To analyse the discourse, on Twitter, relating to disease control
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Community detection

Using the basic Girvan-Newman community
detection algorithm we see that the networks

Further study

— 7
,7 s,
A AT F
W/ r /A
it ==
e A W
e 4
f‘ 7 s
P ol e e e L A B R -t S

bTB retweet clusters _
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h cluster into communities around the high-
4 influence users. e So far we have shed little light on the distinction
% between “factual” and “rhetorical.
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